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1. Reward is only a relative concept, and thus simply scaling or shifting it will not affect
the learning of optimal policy.

False, and Ezxplain: 1EFRATER E RN G, reward b #RA/ERF B H:5
optimal policy [4hH .

2. All goals can be described by the maximization of expected cumulative reward.
True.
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1. What make(s) reinforcement learning different from supervised learning? ¢, d
(a) observations arrive sequentially;  (b) complexity of output space;

(¢) algorithm’s output influences future data distribution;

(d) the need of exploration.

2. What make(s) the UCBI1 algorithm better than the Explore-then-Commit algorithm?

a, b, c
(a) more accurate estimation of rewards; (b) more adaptive exploration;
(¢) more flexible hyper-parameter setting; (d) easier to implement.
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1. Why is there a trade-off between exploration and exploitation in reinforcement learn-
ing?
HITPREERA, agent Rl action DAIRIGXS T EAT value RYSEEATT, 7@

F AT exploitation, MIMB/NAR regret. THHERAEEREIRE Y FHFHATIR
It action, MIIFLE regret,



